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Central Limit Theorem (CLT)
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Root-n consistency
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Interval Estimation
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Figure 8.5 A sample of A

one hundred observed 95% 100 -
confidence intervals based
on samples of size 26 from 80 T

the normal distribution with
mean p = 5.1 and standard
deviation o = 1.6. In this 40 +
figure, 94% of the intervals
contain the value of L.
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DeGroot & Schervish (2012), Probability and Statistics, 4th Edition, Pearson. (p.478)

RIBESDT Nu = 5.1, 0% = 1.6%) AR n = 26 BIHEA, REEMEREEXE,
HPEE 7100 XFREEXE, ERM4TE=HEINomYEu = 5.1,
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Confidence Region of Linear Regression Coefficients
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Figure 5.3 Confidence ellipses and confidence intervals
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Heteroskedasticity and its Consequences
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Consistent Estimation under Heteroskedasticity
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XF{EIT =R heteroskedasticity-consistent covariance matrix estimator (HCCME),
heteroskedasticity-robust estimator,
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HCCMEs
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