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STAR ZUERIEIFER

Model 1: OLS, using observations 1-420
Dependent variable: testscr

coefficient std. error t-ratio p—value

const 698.933 9.46749 73.82 6.57e-242 kxkxkx
str -2.27981 0.479826 -4.751 2.78e—-06 kxxk

Mean dependent var 654.1565 S.D. dependent var 19.05335
Sum squared resid 144315.5 S.E. of regression 18.58097

R-squared 0.051240 Adjusted R-squared 0.048970
F(1, 418) 22.57511 P-value(F) 2.78e-06
Log-likelihood -1822.250 Akaike criterion 3648.499

Schwarz criterion 3656.580 Hannan-Quinn 3651.693
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Binary variable

« _{EE= (binary variable) Bl AR M™MENTZ=, BE D
XT=, FEEETNRIRAI0EL1, _1E EWREIETRT=
(indicator variable) ZEINT= (dummy variable) .
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s MENFEEN = 1,2,...,n, var(y, | X; = x) REHET
T x B, 1RE v, 2EFBZEMN (homoskedastic) , &

n, iZEmE=%HZEM (heteroskedastic) .
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(a) The errors are homoscedastic
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(b) The errors are heteroskedastic
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« UmERIFZEM OLS fiRix, N OLS {Hit=2 BLUE BJ, (5.5
3 Gauss-Markov TFIE)
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: ) ~) A) 1 n—?2
- RALER: SE(f) =,/0%, 65 =—X

A O S
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£ gretl F{EHFAHEIRBITEIR

B1Fi% 8 Tools > Preferences > General...

O O gretl: preferences

Ceneral Programs Editor Network HCCME MPI

For cross-sectional data HC1 V| —
For time-series data HAC v HCO: White (1 980)

For panel data Arellano ¥ HC1: HCO + 'IEJEEISE

i

For GARCH estimation QML v BIZARF RIS

=l '« Use robust covariance matrix by default
——lp v Use the normal distribution for robust p-values

IiHelp </ Apply = & Cancel <JoK
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1% gretl P{ERAFH EREREIX

IRIEIRT\

s EETRERARNEITUA NS, FIEGRTETIER

set force_hc on
set hc _version 1

# 0 (the original White’s) is the default
set robust_z on

* XFE—OLS [Bl)3, WABRRAMNTEA

ols yvar xvar =-robust

(\_L'

X, MR EHEIRBIZE hc_version)
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STAR ZUERIEIFER
CVaE=

Model 1: OLS, using observations 1-420
Dependent variable: testscr

coefficient std. error t-ratio p—value

const 698.933 9.46749 73.82 6.57e-242 kxkxkx
str -2.27981 0.479826 -4.751 2.78e—-06 kxxk

Mean dependent var 654.1565 S.D. dependent var 19.05335
Sum squared resid 144315.5 S.E. of regression 18.58097

R-squared 0.051240 Adjusted R-squared 0.048970
F(1, 418) 22.57511 P-value(F) 2.78e-06
Log-likelihood -1822.250 Akaike criterion 3648.499

Schwarz criterion 3656.580 Hannan-Quinn 3651.693
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Model 1: OLS, using observations 1-420
Dependent variable: testscr
Heteroskedasticity-robust standard errors, variant HC1

coefficient std. error p—value
const 698.933 10.3644 6/7.44 0.0000 Skskok
str -2.27981 0.519489 -4, 389 1.14e-05 sk

Mean dependent var  654.1565 S.D. dependent var 19.05335
Sum squared resid 144315.5 S.E. of regression 18.58097

R-squared 0.051240 Adjusted R-squared 0.048970
F(1, 418) 19.25943  P-value(F) 0.000014
Log-1likelihood -1822.250 Akaike criterion 3648.499

Schwarz criterion 3656.580 Hannan-Quinn 3651.693
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Linear conditional unbiased estimator

C BMREETE: X, X, ..., X, BRHT, B Hikite

n

ﬁNl = ZaiYi

=1

IR IEF A AITE, EPINE

5 Ay, Ay, ..., d, O] DAKERT-

X, Xo, ..., X, ETREHKIT V,, YVor ..., Y,

» OLS fHiT== &N, FKHEFTf
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Gauss-Markov EIH#

£= OLS [BigHII, Bi2ZRAE, N OLS (HitE §, 2af

(RBMBY) ZHMEFRGET

R{Eit= (BLUE) .

« UFRHDLH R 5.2, HMIFE 5.2 th ] %0 Gauss-Markov EIRFTEEER
&M, Bl Gauss-Markov 5 (35 F OLS Rix + A ZE) .

« Gauss-Markov EIEgY

FIPRIE

» HFRMHEEIRNAFrIgEARRIL, WEHEMK,

« FREMIFLMENFGLREITE, BEX gLt OLS iiT=EHFW. A
I E/N_3fhit= (weighted least squares, WLS) . s/NEXNTE

{Hit= (least absolute

deviations, LAD) .
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